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d EO datasets are Ongoing growth of EO Drones have
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Yet 99% of the world’s EO data are not analyzed
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The all-you-can-eat buffet... without cutlery
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Google EarthEngine  «

LCH Docs Assets

Fiiter scnpts NEW ¥

~ Owner (1)
~ users/kejoyce2/default

» 2020_RS

» 2021_RS

» 2022_RS

¥ 2023_RS
I 2023 ex4a supervised classification
I 2023 ex4b supervised classification with spec sigs
I 2023 ex4c supervised classification with scatter plot
I 2023 ex4d post classification
I 2023 ex5 accuracy
I 2023 ex6a image differencing
I 2023 ex6b multi-date time series
I 2023 ex6c post class change detection
& 2023wk8
& 2023wk9

~ Landslides
I NDVI_landslides
& image differencing
I load sentinel

~ Map My School
I CalcuatingAreas
| HolyCross
Il MapMySchool-weipa
I MapMySchoolFlorey
Il MapMySchoolcode

& RandomSample

B Time Series Indiv Regions

D) EX

+

-

Search places and datasets

VWONGOUVEWN M

oB 9

-I Save -. Run vl Reset vl Apps E (UET= G Console RETEY

~ Imports (2 entries) B
» var ROI: Point (145.99, -16.60)
» var L8: ImageCollection LANDSAT/LC@8/C02/T1_RT

¥/ Centre the scene to the ROI
Map.centerObject(ROI, 12);
Let’s define the image c ¢ writing this command.
We are creating a new va from the L8 collection we have imported
var image = ee.Image(L8
We will then include a f images in the date range we are interested in
.filterDate("2022-01-01",
Next we include a geographic filter to narrow the search to images at the location of ou
.filterBounds(ROI)
Next v rt the collection by a metadata property, in our case cloud cover is
.sort("
// Now let’s select the first image out of this collection - i.e. the most cloud free image
First());
And let’
print("A L8
// Def
/ Bands 4,3,
v var trueColour = {
bands:
min: S
max:
¥
/ Add the image to the map, using th ualization parameters.
Map.addLayer(image, trueColour, “true image");
<

~ Useprint(...) to write to this console. =

A L8 scene: ISON
v Image LANDSAT/LC@8/C@2/T1_RT/LCe8_@95072_20220210 (17 bands)
type: Image
id: LANDSAT/LC@8/C02/T1_RT/LCO8_095072_20220210
version: 1645839409771092
vbands: List (17 elements)

»@: "B1", unsigned int16, EPSG:32655, 7621x7731 px
»1: "B2", unsigned int16, EPSG:32655, 7621x7731 px
»2: "B3", unsigned int16, EPSG:32655, 7621x7731 px
~ ROI point »3: "B4", unsigned int16, EPSG:32655, 7621x7731 px
*4: "B5", unsigned int16, EPSG:32655, 7621x7731 px
2o, = »5: “"B6", unsigned int16, EPSG:32655, 7621x7731 px
RiVERY, uast »6: "B7", unsigned int16, EPSG:32655, 7621x7731 px
»7: "B8", unsigned int16, EPSG:32655, 15241x15461 px
§n Aha dute »8: "B9", unsigned int16, EPSG:32655, 7621x7731 px

»9: "B10", unsigned int16, EPSG:32655, 7621x7731 px

*1e: "B11", unsigned int16, EPSG:32655, 7621x7731 px

»11: "QA_PIXEL", unsigned int16, EPSG:32655, 7621x7731 px
»12: "QA_RADSAT", unsigned int16, EPSG:32655, 7621x7731 px
»13: “SAA", signed int16, EPSG:32655, 7621x7731 px

»14: “"SZA", signed int16, EPSG:32655, 7621x7731 px

»15: "VAA", signed int16, EPSG:32655, 7621x7731 px

»16: "VZA", signed int16, EPSG:32655, 7621x7731 px

vproperties: Object (112 properties)
CLOUD_COVER: ©.73
CLOUD_COVER_LAND: @
COLLECTION_CATEGORY: T1
v COLLECTION_NUMBER: 2
» DATA_SOURCE_ELEVATION: GLS20@0 v
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¥ Orfeo ToolBox

Orfeo ToolBox is not a black box
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.' Geographic Imaging Made Simple®™

www.erdas.com | WaS COO
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Convolutional encoder-dec

2 Medium @ Anolytics Viso Suite 4 Influencer Marketing Hub vr V7 Labs

ntation with Deep Learning ... Image Segmentation: The Deep Learning Semantic Segmentation Services for Image Segmentation with Deep L. An In-Depth Look into Al Image Segmentation Image Segmentation: Deep Lear

Object Detection Image Segmentation

FasterRCNN Deeplobv3
4 Influencer Marketing Hub /s Think Autonomous @ CleVR © YouTube A ITUJAI

2ntation - SentiSight.ai An In-Depth Look into Al Image Segme Image Segmentation - Use Cases for 2D cutting-edge Computer Vision Solut.. Enhancing Al Segmentation Models for Structural Segmentation of V
A ‘-
"' f "' 1 Sernaric Segrmrdeion
N ]
| oFf o ©

= - I <) rstance Sogwen ition ) Parncgtc Seprentaton
Blog Viso Suite Infoscribe.ai Seaments.a & ResearchGate Keymakr

Mainstream segmentation is everywhere
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Mainstream segmentation is everywhere
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Karen Joyce

@DrKJoyce - 11.6K subscribers - 334 videos

Hi, My name is Karen Joyce, and | am an Associate Professor in remote sensing at ...more e I > B 1 3 | .
PEE TC P %HE»BEEYEEBEE ODREE N |

kejoyce.com and 4 more links

@ P e ilmam j [LevelOl j 1 1
Home Videos Playlists Q Pearch o o ) v C» v t?’ .ﬂ L h * &

Ba5|c ecognmon classnﬂcatlon introductory

‘ File View Image Objects Analysis Library Classification Process Tools Export Window Help

R o == 01:30.815 Tree Crown Delineation A
This tutorial proy very basic introduction to the ecognition interface, as well as how to understand and run ) L rd
a classification ruleset + = 16,875 Segmeﬂtatm (C'eae the initia
+ = 03.000 FindYeg Crown Seeds
+ - = 01:08.859 Grow Seeds (Take the initial

= = 0,297 Remove false seeds and classify s
| 0.141 _Seed at Level 01: th_meanS
[ﬂ <0.001s th_meanSeedNDVI *=0.9
Bk 0.156 _Seed with NDVI >= th_mean
PL <0.001s _Seed at Level 01: unclass
k - = 01,623 Cleanup
we 01,435  unclassified at Level 01: mer
BL 0.047 unclassified with NOVI >= th_
e (0,109 Veoetatmmhm\berofpcx
2L 0.032 Vegetation with Number of pix
e £0,001s unclassified at Level 01: m

| Object based image analysis - tree crown delineation

Karen Joyce - 10K views - 11 years ago

Ecognition rule set to determine vegetation cover from its background

Object based image analysis segmentation
Karen Joyce * 12K views - 11 years ago

Object based image analysis - object statistics
Karen Joyce + 2.7K views * 11 years ago

) 6:39/724 Processtree >

Segmentation is nothing new for us either
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Now it’s a little
more accessible
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> & Magicwand

v () Magicwand

Magicwand-5 3.08m¢
Magic wand -4 2,857.13m?
Magicwand -3 256 m?
Magicwand-2 0.03m?
Magicwand-1 2129 m?

v ®  Trinity Park, Jan 2024

Orthomosaic

> ® Trinity Park

Zoom in

(D) Noshone datasets avatato i your prject e

(=

> @ Magicwand Magic wand

« () Magicwand Magic wand

Polygon smoothing

Magicwand-§ 308m? Magicwand-5 3.08m?
o

Magiowand-4 285713m? Magicwand -4 2,857.3m?

Click on the map to add samples.

Alt +click 0n map sampies 1o remove them

Magcwand-3 285m Magicwand -3 2.8 mé

Magicwand-2 003m* Magicwand-2 0.03m?

Magicwand-1 2128m? Magicwand-1 2129m?

v @ Trinity Park, Jan 2024 Trinity Park, Jan 2024

Orthomosaic Orthomosaic

M DSM

> ® Trinity Park Trinity Park

Select feature Run

ts avatable in your project ares.

Zero shot, modern Al — fast and intuitive
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v © Trinity Park, Jan2024 v @ Trinity Park, Jan 2024 v Paim trees

Orthomosaic Orthomosaic Magicwand -1 7217 m?

Magicwand -... 4497 m*

v ®  Trinity Park, Jan 2024

Orthomosaic
DSM

o™

Magic text X

Create polygons from image data with text
prompts.

Look for

palm trees

Polygon smoothing

Zoom in Text to search | | = i | Run

view

(@ Learn more about magic wand

s available in your project area.

(D No drone datasets avaiable in your project area. GZONADIR  Sources: Eae TomTom, Garmin,FAQ, NOAR, USGS, © OpenS¥oothap contsutrs, and e GI5 User Comemunity (© Nodrone datasets avastable in your project area. o N AR T aarc e sl o ik LA Tt L F ORI el

Zero shot, modern Al — fast and intuitive
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Making geospatial for everyone, everywhere, any time
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Making geospatial for everyone, everywhere, any time
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) 200000001.gdbtablx

| a00000001.TablesByName.atx
) 300000002.gdbtable

') a00000002.gdbtablx

: ') a00000003.gdbindexes
Name pE—
i~ ] 200000003.gdbtablx
U Finalv2_reallyfinalthistime_b.cpg

) 200000004, CatlitemsByPhysicalName.atx

] a00000004.CatitemsBy Type.atx

ﬁ Finalv2_reallyfinalthistime_b.dbf S t . | ‘ ) 500000004 FDO_UUID.atx

] Finalv2_reallyfinalthistime_b.prj ) 200000004 gaotable

] 200000004.gdbtablx

' 200000004.horizon

([ ] [ ] ;
e I I I r I 200000004, spx
a I I g | 200000005.CatitemTypesByName.atx

| ] Finalv2_reallyfinalthistime_b.sbn
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200000005.CatitemTypesByParentTypelD....
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| ] Finalv2_reallyfinalthistime_b.shp 000000 gindere

U Finalv2_reallyfinalthistime_b.shp.xml S h a p efl ‘ e S ? ZOOOOODOdebt:bI:

— 100000006.CatRelsByDestinationlD.atx
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0000006.gdbindexes
000006.gdbtable
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Real~time collab — the world has moved on

’2006 ’2013 (o= .2016

Google Docs Slack Microsoft Office 365

Real-time'‘communication that Real-time co-authoring added
redefined collaboration across to the widely used Microsoft
teams Office suite

First major introduction of
real-time collaboration for the
general public

—e

Etherpad

C‘-- v
‘ﬁ’eal—time document editing
that inspired Google’s further
advancements

Figma " COoVID-19

Brought real-time collab to
graphic.design
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Canva, Notion, Miro, Soundtrap, Unity, Blender...



But where is
geospatial in
the mix?
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G. Roff. CSIRO

GZONADIR  Source: Esri, Maxar, GeoEye, Earthstar Geographics, CNES/Airbus DS, USDA, USGS, AeroGRID, IGN, and the GIS User Community










G=0 K3 ‘6‘ e BN v 13X Bleaching on Lizard v

KJ
Low dens bleaching polygon vr
= High dens 2 post bleach vr

High dens 2 bleaching

High dens 2

Polygon - 1 99.96 m?

Med dens post bleaching vr

Low dens post bleaching vr

High dens post bleaching vr

High dens bleaching vr
s

Med dens bleaching vr
158 its

Low dens bleaching vr

Low dens bleaching kj

Med dens bleaching kj

1m quadrats

Polygon - 11
Polygon - 12

Polygon - 10 99.96

autel_lizard_northPoint_202406... ,

MACQUARIE
University

Jun 0

Orthomosaic

C

DTM

| === JAMES COOK
Narth Point, Lizard Island (northern Great ... - THE UMIVERSITY OF - UNIVERSITY

L - B ¥, ' NENGaoT E < AUSTRALIA

@ 3 drone datasets available in your project area.

G=ZONADIR  Sources: Esri, TomTom, Garmin, FAD, NOAA, USGS, © O i and the GIS User ¢



Support the Guardian 'l‘he
Fund independent journalism for €4 per month L]
Guardian

News Opinion Sport Culture Lifestyle More v

World UK Climate crisis Ukraine Environment Science Global development Football Tech Business Obituaries S
Great Barrier Reef ‘Most of it was dead’: scientists discover ‘» - k :ev:/j dl;oni.imé:jglel;y rzveal;: 9f':% cl>f ioral
one of Great Barrier Reef’s worst coral @ " sj:ﬂ r:er?s r'::;s bsl :a’::hi’:s bt

bleaching events
Focus on what's most important -
to you. Customise your Guardian

Analysis of high-resolution drone imagery concludes 97% homepage, read in dark mode,
of corals died at a Lizard Island reef between March and get notifications on breaking
June this vear news, and more.

Follow our Australia news live blog for latest updates Download the Guardian app @

Get our morning and afternoon news emails, free app or
daily news podcast

Graham Readfearn

« Share

Drone mappinlg reveals mass mortality :
=

post coral bleaching on the Great
Barrier Reef

June 25, 2024
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€=©1 FAIR Geo - Global map
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Q ?o I Tones Search as | move the map
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GZONADIR  Sources: Esri, TomTom, Garmin, FAO, NOAA, USGS, © OpenStrestMap contributors, and the GIS User Community
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N ' Solar panels

18 polygons, 505.91 m=
N O House
14 polygons, 4,025.06 m=

v € Trinity Park October 2020

@ No drone datasets available in your project area.

ChatGEO X

How can | help?

What % of houses have solar panels?

Great question! | can see 14 houses,
11 of which have solar panels. So
that’s 79%.

Would you like to see them on the
map?

Yes pls!

Anything else | can help with?
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